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Mueganga
ABSTRACT

The purpose of this research is to present a model to predict the ability to repay a loan and to Members of
the Office for the Promotion of the Benefits and Welfare of Teachers and Educational Personnel Udon Thani
Province. In the study, the researchers have studied and summarized the factors that are expected to affect the ability
to pay loan amount 8 factors. We analyzed the relationship of factors by using regression. The results showed that the
factors that effect to loan paying ability were number of children, gender, age, salary, loan, debt, Loan insurance and
period amounts. In order to construct the loan paying prediction model, we collected history of the loan data from
2004 to 2014, totally 11,732 items. We constructed Model for predict repayment ability by using decision tree,
Bayesian belief network and artificial neural network. The results showed that predictive efficiency; the accuracy
values were 98.77, 98.76 and 98. 74 with artificial neural network, Bayesian belief network and decision tree,

respectively. By comparing predictive efficiency, neural network model had the highest predictive efficiency.
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13 | @1¥Ngausa (Spouses) lufigausa(l) Suswms(2) gsnedmdr 3) | 1,2,3
14 | YagilszasAnisy (Objective) iemsAn (1) S5zt @) e () | 1,2,3...
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1 Aa o v ¥ o o = A yog ya Voo o 9 9 o I Y A
UAZANY 7 ¥ian (Manaiu) ﬂﬂ@]iﬂmﬂu@ﬂﬁﬂﬂ 2 Lwa"lﬂmﬂﬂmmlmn@mﬂaumﬁumwagmnﬂu@mmmi

< 7

@ 1 P 9 o ) Y o . L. a o o
Yiuyrvesveyalvegluussiagiudedinu Taslenannis Max-Min Normalization (1I8nANT W5 9AANAT,

2557) azih I Iddoyanglugieszning 0 8e 1 Feanunsodsugremdoya lddeaunmsi (6)

. v—min, . :
V'=——=—(nNew_max, —Nnew_min,) + new_min, (6)
max, —min,

9 v Y . Ao . A A X 9 =
magaﬂaawusw"lﬂ (income) yAIga 15,000 UIN (min) HAZUAININNGA 62,820 UIN (max) FIVOYAN

Y Y
Aoamsuasfio 49,420 1 aesnmsuasIddoyaiioglugaalui Ae (0,17 ms1zaz1iu 49,420 VN vz lia v

& o vy YA o a Yo A
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~ o v Y
AN 2 !!ﬁ'ﬂ\‘iﬂ?i’)ﬂ'l\‘iﬂﬂﬂﬂ‘ﬂﬂ?ﬁlﬁ

s1e/ldAeiAen (Monthly salary) 31143131 (Loan) 1IUEUIA (Period)
49,420.00 2,400,000.00 18,400.00
62,820.00 3,000,000.00 24.,400.00
15,000.00 600,000.00 3,800.00

A o o Y oA i Yo X
PINATTNN 2 ﬁ1n1§ﬂﬂ§uﬂ’lﬂ33‘Vlﬂﬁ'lusll'f]ﬂi’]ﬂllﬂ@ﬂlﬂ@uclullﬂqw 1 llﬂ U

49,420 -15,000
62,820 -15,000

510 laneIRow = (1-0)+0 = 0.7197

v 2 P Y1 oA = IS ' Vo A~ o o 2
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o U ¥ v Jo A
i]ZVIﬂWh],ﬂNﬁaWﬁﬂﬂﬂTiN‘ﬂ 3

M99 3 uaasaedalvsetoyalivussiagueiam

seldneAou (Monthly salary) UINITUT (Loan) NUINEUIA (Period)
0.7197 0.7500 0.07087
1.0000 1.0000 1.0000
0.0000 0.0000 0.0000
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